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B The change point algorithm can give governments non-subjective, real-time
feedback to support policy development.

Motivation

For instance, we find that the policy of allowing students to return to school on a batch-by-batch
basis firmly controlled the recovery of the education sector, allowing it to return steadily to its
pre-epidemicstate; however, the policy of offering restaurant spending coupons only provided a
short-lived boost to the catering sector, which remained depressed afterwards.

Model the Recovery Process

B Great depression. The lockdown policies cause the closure of workplaces and
educational 1nstitutions, and lead to a reduced workforce across all economic sectors.
BLack of recovery studies. Few works focus on the recovery after lockdown ,
especially on the recovery patterns of different sectors from the depression.
BLarge-scale eletricity data. More granular data sources rather than data (e.g. GDP)
commonly used in socio-economic analysis.

B How should we assign policy support to each sector? To address this question,

we conduct simulation experiments based on our designed prediction model. The
model predicts the future recovery trend of each sector precisely while capturing
the correlation between sectors.
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B Based on recovery index, we observe recovery patterns of different sectors.
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Policy Influence on Recovery We hope that our research will help cities that are experiencing a COVID-

19 lockdown recover more quickly afterward, and provide guidance for

B For the early recovery of social life and economy, the government has made _ ST ) o
dealing with similar accidents that may arise in the future.

efforts to enact policies of promoting recovery in various sectors. We study the
effectiveness and impact of these policies by automatically detecting the change
points in the evolving recovery index of each sector, and matching them with References
policy timings.
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